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OPENING PERSPECTIVE

The Deployment Decision Has Changed

The capability gap has not disappeared. The architecture choice has.

For most of the recent generative Al era, the enterprise model decision was relatively straightforward. If an institution
wanted the strongest available capability, it generally consumed that capability through an external provider. Open-
weight models existed, but deploying them typically meant accepting a meaningful trade-off in capability,
infrastructure requirements, operational complexity, or all three.

That trade-off has changed. It has not disappeared.

The strongest closed models still lead the strongest open-weight alternatives on several measures. But open-weight
models have improved enough, and their deployment requirements have changed enough; that asset managers and
asset owners now face an architectural choice that was far less credible only a few years ago.

3.3% 80 GB 1M

Context length supported by NVIDIA Nemotron 3
Super

Stanford-reported gap between the top closed and

53 i 2, A AT Single-GPU fit claimed by OpenAl for gpt-oss-120b

The relevant question is therefore no longer simply: Which company has the best Al model?

What level of capability does this workflow require?
What architecture does the institution want around that capability?

That is a different decision. And for institutional investors, it may prove to be one of the more consequential enterprise
Al decisions of the next several years.
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THE CAPABILITY GAP

Open-Weight Has Not Universally Caught the
Frontier

Any argument for open-weight Al should begin by acknowledging what the evidence actually says.

Stanford University’s 2026 Al Index reports that, as of March 2026, the top closed model led the top open model on the
Arena Leaderboard by 3.3%, compared with a gap of only 0.5% in August 2024. Six of the top ten models were
closed.[1]

Open-weight models have not universally caught frontier proprietary models.

But Stanford reports something equally important: leading model performance is increasingly concentrated. Anthropic,
xAl, Google, OpenAl, Alibaba, and DeepSeek all occupied the top tier of Arena Elo ratings in March 2026, shifting
competitive pressure toward factors such as cost, reliability, and domain-specific performance.[1]

EVIDENCE WHAT IT SAYS WHAT IT DOES NOT SAY

3.3% open/closed gap  Closed frontier still leads That the gap matters equally for every
workload

Top developers Capability is converging in important That models are interchangeable

clustering areas

Professional-task Models can perform difficult domain That they are fit for a specific investment

progress work process

Eligibility is not qualification
The improvement in open-weight performance changes what these models are eligible to be considered for. It does not
establish that they are qualified for institutional use.

Public benchmarks establish eligibility. They tell an institution which models deserve consideration.
Qualification requires a different body of evidence: the institution’s questions, its data, its workflows, its evaluation
standards, and its risk tolerance.

For one workflow, a small capability gap may be decisive. For another, an open-weight model may comfortably clear
the institution’s required performance threshold while providing forms of control that an external API cannot. The
decision is increasingly about fitness for purpose, not universal superiority.
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THE DEPLOYMENT ENVELOPE

Serious Capability Now Fits Across a Wider
Hardware Spectrum

The change is not only in benchmark performance. It is also in what can be deployed on infrastructure an institution
controls.

OpenAl gpt-oss-120b

OpenAl’s gpt-0ss-120b contains approximately 117 billion total parameters, but its mixture-of-experts architecture
activates about 5.1 billion parameters per token. OpenAl states that the model fits on a single 80 GB H100-class GPU. It
supports configurable reasoning effort, tool use, structured outputs, fine-tuning, and is released under Apache 2.0.[2]

In OpenAl’s own published evaluations, gpt-o0ss-120b scored 90.0 on MMLU versus 93.4 for 03, 80.1 versus 83.3 on
GPQA Diamond, and 97.9 versus 98.4 on AIME 2025 with tools. These are developer-reported results rather than
independent institutional validation, but they show the level of capability OpenAl reports from a downloadable
model.[2]

Google Gemma 3

Google’s Gemma 3 family spans 1B, 4B, 12B, and 27B sizes. The 4B, 12B, and 27B variants support 128K context,
multimodal input, and more than 140 languages. Google positions the family for deployment across laptops, desktops,
workstations, and private cloud infrastructure, subject to the hardware required by each size.[3]

NVIDIA Nemotron 3 Super

NVIDIA Nemotron 3 Super combines 120B total parameters with 12B active parameters, supports context lengths up
to one million tokens, and is available in BF16, FP8, and NVFP4 checkpoints. NVIDIA’s NVFP4 model card lists a single
B200 or a single DGX Spark as a supported minimum GPU configuration for that quantized checkpoint.[4]

MODEL TOTAL / ACTIVE CONTEXT DEPLOYMENT SIGNAL

gpt-0ss-120b 117B / 5.1B 128K Single 80 GB H100-class GPU

Gemma 3 27B 27B 128K Single-accelerator / workstation class
positioning

Nemotron 3 Super 120B / 12B Up to 1M NVFP4: single B200 or DGX Spark

Open-weight Al is no longer one model class or one hardware class. It is becoming a deployment spectrum.
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THE OPEN-WEIGHT ECOSYSTEM

Availability Is Exploding. Enterprise Relevance
Is Not.

The volume of public models is expanding rapidly, but headline availability can be misleading.

Hugging Face reported that public model repositories increased from approximately 2.43 million to 2.96 million
between January and August 2026.[5]

2.96M 1.5% 85.6%

Public model repositories by August 2026 Repositories accounting for 99.2% of downloads Models with fewer than 200 lifetime downloads

The viable enterprise universe is dramatically smaller than the headline model count suggests. For institutions,
the challenge is increasingly not finding an available model. It is identifying the relatively small number worth
qualifying for production work.

Open-weight is not the same as open source

“Open” is not a single legal or technical category. Stanford HAI has argued that releasing model weights does not
necessarily make a model fully open source, because training data, training code, methodology, and other components
may remain unavailable.|[6]

Licensing also varies materially. gpt-oss uses Apache 2.0. Gemma operates under Google’s Gemma Terms of Use.
Nemotron 3 Super is governed by the NVIDIA Nemotron Open Model License.[2][3][4]

MODEL DILIGENCE DISCLOSURE DILIGENCE

Are the weights available? [s training data disclosed?

Is commercial use permitted? [s the training recipe available?

Can the model be modified? Are use restrictions imposed?

Can derivatives be redistributed? What obligations survive deployment?

Open-weight Al creates more control. It does not eliminate diligence.

ZTALABS | www.ztalabs.ai CONTROL. GOVERN. BUILD. Page 5



(:\:&“ = ZTA LABS | INSTITUTION-CONTROLLED Al LA
e d [
~” : J

MODEL EVALUATION

Where Public Al Benchmarks Stop

Why leaderboard performance cannot establish whether a model is fit for your institution.

Public Al benchmarks are standardized tests used to compare models across capabilities such as reasoning,
mathematics, coding, knowledge, and professional tasks. They provide useful evidence of general capability.

But that is where their authority should stop.

Stanford’s 2026 Al Index found growing concerns about benchmark reliability, including invalid-question rates ranging
from 2% on one evaluation to 42% on another widely used benchmark. It also cites concerns about leaderboard
optimization and whether benchmark standing always reflects general capability.[1]

A public leaderboard cannot determine whether a model should analyze an institution’s research, interpret its
evidence, operate within its controls, or influence a consequential investment decision.

Why average scores hide consequential failures
Consider two models evaluated across 100 institutional questions. Model A scores 92%. Model B scores 90%. The
obvious conclusion is that Model A performed better.

Now examine the failures. Suppose Model A’s eight misses include a fabricated citation to an earnings transcript, an
incorrect debt-covenant calculation, failure to flag a contingent liability, and omission of material downside evidence.
Model B’s ten misses, meanwhile, are concentrated in lower-consequence extraction and classification tasks.

The aggregate score no longer tells the institution which model is better suited to the work.

This matters because Al capability remains uneven. Stanford highlights “jagged intelligence”: systems can achieve
extraordinary results on difficult tasks while failing unexpectedly on seemingly simpler ones. Its 2026 report notes that
a model can reach gold-medal-level mathematics while the best model in a separate evaluation reads analog clocks
correctly only 50.1% of the time.[1]

For consequential institutional work, the distribution of errors can matter more than the average score.

The failure receipt

An institution needs more than a model score. It needs evidence of how the model failed. That means preserving the
question, approved source evidence, model response, expected evidence, evaluation, deterministic checks, reason for
failure, and the consequence of that failure.

A model should not leave behind only a score. It should leave behind a failure receipt.
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CONFIGURATION SENSITIVITY

The Model Is Not the Entire Evaluated System

Even identifying the model by name may not identify the system an institution will actually operate.

OpenAl’s own gpt-oss evaluations illustrate the point. On AIME 2025, gpt-o0ss-120b scored 50.4% at low reasoning
without tools and 97.9% at high reasoning with tools. The weights did not change. The effective capability did.[2]

GPT-0SS-120B | AIME 2025 LOW MEDIUM HIGH
No tools 50.4% 80.0% 92.5%
With tools 72.9% 91.6% 97.9%

Production performance can also be affected by context length, quantization or precision, inference runtime, retrieval
architecture, prompts, tool access, and the evidence supplied to the model.

MODEL + REASONING CONFIGURATION + RUNTIME + PRECISION + CONTEXT + RETRIEVAL + TOOLS + PROMPTS
+ EVIDENCE

A model name is therefore not a complete description of what was evaluated.

INSUFFICIENT QUESTION BETTER INSTITUTIONAL QUESTION
Did we test this model? Did we test the system we actually intend to operate?

If the institution later changes the model version, quantization, runtime, retrieval layer, reasoning configuration, or
material workflow logic, the original qualification may no longer be sufficient.

Model qualification should be treated as a lifecycle, not as a procurement event.
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WHAT THE EVIDENCE STILL DOES NOT PROVE

Control Creates Choice. It Does Not Eliminate
Responsibility.

Open-weight control does not prove reliability

Possessing model weights can give an institution substantially greater control over where inference occurs, what data
leaves the environment, how inference is configured, and how the model can be customized. It does not make the
model accurate. It does not eliminate hallucinations. It does not prove citation validity or ensure that uncertainty is
handled appropriately.

Institutional control increases what the institution can govern. It does not eliminate the need to govern it.

Local deployment does not prove the economics

A model that can run on institution-controlled hardware is not automatically cheaper than an external API. Economics
depend on utilization, model size, workload volume, infrastructure cost, redundancy, operational support, power,
latency requirements, and the cost of accessing frontier capability when the local model is insufficient.

The correct architecture may be external. It may be institution-controlled. Increasingly, it may be hybrid. The
important change is that institutions now have a credible choice to evaluate.

Qualification does not replace architecture and governance

Model evaluation cannot, by itself, certify cybersecurity, regulatory compliance, privacy, identity and access controls,
data entitlements, network security, or infrastructure resilience. Those responsibilities belong to the broader
architecture and operating environment.

General capability Fitness for a specific investment workflow
Deployability Production reliability in the intended configuration
Open weights Adequate licensing, governance, or security
Benchmark strength Acceptable failure modes for the institution

Local inference feasibility Total cost of ownership

Balanced evaluation does not weaken the case for open-weight Al It defines the evidence an institution still needs.
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FROM CAPABILITY TO QUALIFICATION

Why Model Assurance Exists

The consequences of getting the distinction between eligibility and qualification wrong are significant.

An institution that treats a public leaderboard as sufficient model due diligence is effectively allowing someone else’s
questions, evaluation methodology, scoring criteria, and definition of acceptable performance to stand in for its own.

That may be appropriate for deciding which models deserve investigation. It is not sufficient for deciding which models
should be trusted with institutional work.

The architecture therefore has to move from model selection to workload qualification.

ZTA Labs Model Assurance is designed around that distinction. It does not attempt to determine which model is
universally “best.” It asks a narrower and more useful question:

Which models are qualified for this institution’s work, under this institution’s standards?

Candidate open-weight models are tested against a governed evaluation corpus built around the institution’s actual use
cases. The evaluation can incorporate institutional questions, approved documents and data, expected evidence, factual
accuracy, evidence quality, investment reasoning, risk identification, uncertainty, citation validity, numerical
consistency, unsupported material claims, and institution-defined qualification thresholds.

MODEL ASSURANCE CAN ESTABLISH MODEL ASSURANCE DOES NOT REPLACE
What was tested and under which configuration Cybersecurity certification
How models performed on institutional questions Regulatory and privacy compliance

Where models failed and how failures were distributed  Infrastructure resilience and access controls
Whether evidence supports admission to a workflow A full workload-level total cost analysis

The result is an institution-owned Model Assurance Baseline: a qualification record showing which models were
tested, how they performed, where they failed, what controls should apply, and whether the evidence supports
admitting them to the institution’s approved model pool.

Public benchmarks tell you who should be considered. Model Assurance determines who qualifies.

The methodology can be inspected in the illustrative Sample Model Assurance Baseline at
www.ztalabs.ai/assurance/sample/.
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CLOSING PERSPECTIVE

The Enterprise Threshold Is Not Parity

Open-weight Al has crossed an important enterprise threshold. Not because every open-weight model now matches
the strongest proprietary model, because institution-controlled inference is automatically cheaper, or because
downloadable weights make a model inherently safer or more reliable.

The threshold has been crossed because open-weight models are now capable enough, deployable enough, and diverse
enough that institutional control has become a credible architectural choice for a meaningful class of workloads. That
makes these models eligible. Qualification is the institution’s responsibility.

Public model rankings can identify which models deserve attention. They cannot determine which models deserve
access to the institution’s work. That requires testing against the institution’s questions, evidence, deployment
configuration, standards, and risk tolerance.

Public benchmarks establish possibility. Institutional evidence establishes fitness for purpose.

Public benchmarks tell you what a model can do in general.
Model Assurance determines whether it has earned the right to do your work.

The open-weight threshold is crossed when control becomes a viable choice, not when every open model beats every
closed one. Once control becomes viable, institutions need evidence to decide when to exercise it.

ABOUT ZTA LABS

ZTA Labs helps asset managers and asset owners build Al capability they
control, beginning with Investment Research. The company designs and
deploys an open, institution-controlled Al architecture built on open-source-
first software and open-weight models.

Its initial offerings include Model Assurance, which benchmarks open-weight
models against an institution’s actual questions, documents, data, and
evaluation standards, and Research Management, a governed production
workflow that connects approved evidence, model analysis, Human Judgment,
decision records, and measurable outcomes.

CONTROL. GOVERN. BUILD.
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